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Conference Publications

2022: 1 PAKDD, 1 ICLR, 1T WWW, 1 SIGIR, 1 EuroVis, 4 ECCV, 1 CIKM, 3 NeurlPS, 2 EMNLP
2021: 3 CVPR (1 Oral), 31CCV (2 Oral) 3 ACL (1 Long, 1 Short, 1 Findings), 1 NAACL,
2 EMNLP (1 Short, 1 Findings), 1 NeurIPS (Oral), 1 AAAI, 1 CSCW, 1 ICASSP, 1 ACML
2020: 3 CVPR, 1ICLR, 1ICML, 1 CIKM, 1 BMVC (Oral), 1 IEEE VIS
2019: 2 CVPR (1 Oral), T AAAI, 1 BMVC (Spotlight), 1 EMNLP, 1 CIKM, 1 CHI, 1 IEEE VIS Short, 1 EuroVis
2018: 1 CVPR (Oral), 1 ECCV, 1 EMNLP, 1 WWW, 1 IJCAI, 1 CHI, 1 IEEE VIS, 1 EuroVis
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Associate Professor + Image-to-Image Translation via Group-wise Deep Whitening and Coloring, CVPR'19, Oral paper (Top 5.5%)
KAIST Al + StarGAN: Unified GANs for Multi-Domain Image Translation, CVPR'18, Oral paper (Top 2%)
L] H i - -
A, 2013 Georgia Tech, Natural Language Understanding and Generation
Computational Science and Eng. + Restoring and Mining the Records of the Joseon Dynasty via Neural Language Modeling and Machine Translation, NAACL'21
A}, 2009 Georgia Tech, + NeurQuRI: Neural Question Requirement Inspector for Answerability Prediction in Machine Reading Comprehension, ICLR'20
Electrical and Computer Eng. » Paraphrase Diversification using Counterfactual Debiasing, AAAI'19
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Text and Social Media Mining

» ST-GRAT: Spatio-Temporal Graph Attention Network for Traffic Forecasting, CIKM'20

+ Recommender System via Sequential and Global Preference via Attention Mechanism and Topic Modeling, CIKM'19

i&? E + TopicOnTiles: Tile-Based Spatio-Temporal Event Analytics via Exclusive Topic Modeling on Social Media, CHI'18
"LL.

V|sual Analytics (image, text, sequence analysis)
HyperTendril: Visual Analytics for User Driven Hyperparameter Optimization of
Deep Neural Networks, IEEE VIS'20
*  SANVis: Visual Analytics for Understanding Self-Attention Networks, IEEE VIS'19 Short

AILA: Attentive Interactive Labeling Assistant for Document Classification through
Deep Neural Networks, CHI'19 _

" RetainVis: Visual Analytics with Interpretable and Interactive RNNs on Electronic
Jaegul Choo davian.kaist.ac.kr Medical Records, IEEE VIS'18
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